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Abstract

We consider large insurance portfolios consisting of life or disability insurance policies that are
assumed independent, conditional on a stochastic process representing the economic—demographic
environment. Using the conditional law of large numbers, we show that when the portfolio of
liabilities becomes large enough, its value on a §-year horizon can be approximated by a functional
of the environment process. Based on this representation, we derive a semi-analytical approximation
of the systematic risk quantiles of the future liability value for a homogeneous portfolio when the
environment is represented by a one-factor diffusion process. For the multi-factor diffusion case, we
propose two different risk aggregation techniques for a portfolio consisting of large, homogeneous
pools. We give numerical results comparing the resulting capital charges with the Solvency II
standard formula, based on disability claims data from the Swedish insurance company Folksam.
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1. Introduction

The upcoming Solvency II directive regulates the amount of capital that insurance companies must
hold to reduce the risk of insolvency. In the directive’s standard model, capital charges are calculated
using a scenario-based approach, and the solvency capital requirement (SCR) is given as the
difference between the present value under best estimate assumptions and the present value under a
certain stress scenario. The SCR is computed on a risk-by-risk level, and then aggregated using
predetermined correlation matrices.

For disability insurance, perhaps the most important risk is recovery risk, i.e., the risk that the policy
holder receives the payments for a longer period of time than anticipated, i.e. that claim termination
rates are lower than anticipated. The Revised Technical Specifications for the Solvency II Valuation
and Solvency Capital Requirements Calculations (Part 1) (European insurance and occupational
pensions authority (EIOPA), 2012) include shocks to disability inception and termination rates.
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The suggested shock for recovery risk involves a decrease of 20% in termination rates for the
following 12 months and for all years thereafter.

As an alternative to the standard stress scenario, insurers may adopt an internal model, which should
be based on a value-at-risk approach. The SCR is then given by the difference between the best
estimate, which corresponds to the expected value, and the 99.5% quantile of the value of the
benefits in 1 year, including benefits paid during the 1st year. Determining this quantile is typically a
high-dimensional problem that requires simulation techniques. Levantesi & Menzietti (2012)
estimate SCR under stochastic disability and mortality using simulation methods. Their approach
covers both systematic and idiosyncratic risk, and is suitable for small portfolios.

In order to reduce the computational complexity of the problem, scenario analysis and
approximation methods may be used. Christiansen & Steffensen (2013) and Christiansen et al.
(2016) develop a safe-side scenario approach for the estimation of SCR using dynamic programming
techniques. Christiansen et al. (2012) suggest an internal model for Solvency II based on linearisation
and Gaussian approximations.

In this paper, we consider an extension of the conditional independence model suggested in Djehiche &
Lofdahl (20145b), where the individuals in a large life insurance portfolio are assumed independent,
conditional on a stochastic process representing the economic—demographic environment. Using the
conditional law of large numbers (CLLN), we show that if the portfolio becomes large enough, the future
liability value can be approximated by a functional of the environment process. This result indicates that
the idiosyncratic risks can be diversified away, so that only the systematic risk, i.e. the risk that the
environment changes, remains. Based on this representation, we derive a semi-analytical approximation
of the systematic risk quantiles of the future liability value for a homogeneous portfolio when the
environment is represented by a one-factor diffusion process. For the multi-factor diffusion case, we
propose two different risk aggregation techniques for a portfolio consisting of large and homogeneous
pools based on the variance—covariance method and convex optimisation techniques, respectively.
Finally, we present numerical results based on disability claims data from the Swedish insurance
company Folksam, and compare the resulting capital charges with the Solvency II standard method.

The paper is organised as follows: in section 2, we introduce a conditional independence model with
associated payment streams and calculate the value of the liabilities at a general §-year horizon.
In section 3, we consider aggregation of §-year risks for large insurance portfolios based on the
CLLN. In section 4, we derive a semi-analytical approximation for homogeneous portfolios.
In section 5, we propose two different SCR aggregation methods for portfolios consisting of large,
homogeneous pools. In section 6, we present numerical results based on disability claims data from
the Swedish insurance company Folksam.

2. A Conditional Independence Model

In this section, we extend the conditional independence model suggested in Djehiche & Lofdahl
(2014b). Let ', 7%, ... be random event times (e.g. times of death or recovery from disability), and let

I\Izk:I{TkSt}7 kZl

so that Nf denotes the state of an insured individual at time ¢ (e.g. alive/dead or disabled/recovered).
Further, define the processes

Nk = (Nf)tzov k>1
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and let
FN=(FN)ino=(FNVFNV s

denote the filtration generated by N', N, ... . Let Z be a cadlag process taking values in R” with natural
filtration F# = (F7), o. We let Z, represent the state of the economic—demographic environment at time #.
Define the filtration G=(G,),, by G:=FZ v FN, t>0. We assume that N', N%, ... are independent,
conditional on FZ , and that the G intensity of N* is the process 4% = (1 " )ZZO defined by

M =q,(t,Z)(1-NK), 20 (1)

where x is a parameter representing e.g. the age of the insured and g, R* x R” — R" is the transition rate
function corresponding to x, here assumed continuous. Now, consider an insurance policy with payment
stream A* given by

dAk = g.(t, Z)A=NF)dt + b (t, 2, )dNE, 1< T, 2)

The policy pays g(t, Z;) continuously, as long as N* = 0, until a fixed future time T,. In addition, if the
event time 7 is reached before T,, the policy immediately pays a lump sum of h(z%, Z.).
This type of policy allows for payments from the contract to depend on time as well as on the state of the
economic—demographic environment and the age of the insured. For example, the contract could be
inflation linked and contain a deferred period.

When considering insurance portfolios, it is often convenient to form pools or sub-populations
consisting of individuals with similar descriptive statistics, e.g. age, gender, income, etc. Reserves and
risk measures for the portfolio can then be obtained by calculating the corresponding quantity for
each pool, and then aggregating the results in a suitable way. To this end, let X denote a finite set of
age groups, and let I, x, n>1 denote the index set of individuals with disability inception age x in a
portfolio of 7 policies. Obviously, we must have

> 1=

xeX

Now, define the random present value Bf,TX of a single policy by

k T
BtATX = J
t

where the short rate r is assumed to be adapted to FZ. The random present value B ) of the portfolio
can then be defined by

o Jirn gak 3)

= ZBﬁT,

xeX
kel

For some >0 denoted by LHO,
information about the population and environment processes up to time ¢+ 5. We have

Lgi)a =E {Bﬁn) ‘gwé]

= ZBtt+5+ Ze ,:+ i |:Bf+5T |gt+§] (4)

xeX xeX
kel kel

the expected value of the portfolio liabilities at time ¢+, given

where the first term represents the payments from ¢ to ¢+ 6, and the second term represents the value
of the liabilities payable from # +  until the end of the contracts. Using the martingale property of the
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compensated processes M¥ defined by
t
Mk = foJ Ads
0
together with the assumption that Z is cadlag, we obtain

T s
E[Bsn G00s] =E[| e o5, 200 -NY G,

t+6

T S
+E |:J e_JntﬂSTu uh,g(S, Zs )de|gt+§:|

t+o

=EUTX YA >ds|gt+5]

t+6

T S
+E|:J eiJﬂHdr" th(S7Zs’)ﬂde|gt+5:|

t+6

Ty <

=E[J e_J‘Hér“ u(l*Nf)gx(S,Zs)dS|gt+5:|
t+0
where

gx(& ZS) = gx(S, Zs) + hx(S, Zs)Qx(S, Zs)
If the environment process Z is Markov, it follows from (Djehiche & Lofdahl, 20144, proposition 1)

that
Ty s 4
E[Bfw‘ﬂgm} =EU e s ”(17Nf)§x(s,zs)dslgt+5}
t+6
= (1=N}, )vx(t 46, Zy15) (5)
where
T, s 4
Va(t46,Z115) =EU Ze(s, Zo)e JunslastZu) ) ”ds|zz+5] (6)
t+6

Let g,.(¢,2) = g«(2,2) +7(¢,2), and assume that g, is lower bounded, g is continuous and bounded,
and that Z is a Markov process with infinitesimal generator A. Then, v.(z, z) given by (6) satisfies the
Feynman—Kac partial differential equation (PDE)

— % 4G (s,R)vx = Avy + Zu(s5,2), t+8<s< Ty )
Ux(Txv Z) =0
Using (4) and (35), the portfolio value at the 5-year horizon is given by
H( rudu
t+§ = Zth+5+ Ze : 1-NF et +8,Z4 1 5) (8)
xeX xeX
kel kel

The first sum represents the discounted payments between ¢ and ¢ + 8. The second sum represents the
following: for each policy that has not reached its corresponding event time 7% before ¢+,
the value of the remaining liabilities is given by v.(¢+ 8, Z,, 5). This value is then discounted back
to time .

Having computed the future value of the portfolio, we turn to the task of determining the capital
requirement, i.e. determining the corresponding conditional quantiles.
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3. SCR and the CLLN

In this section, we consider the problem of calculating the SCR for a large insurance portfolio.
In the Solvency II directive, the key quantity of interest is a particular conditional quantile of
Lz( "\, the value of the portfolio in 1 year from now, deﬁned by (8) with § = 1. Determining
this quantile is an infinite-dimensional problem, since LtJrl depends on Zs,N!,N2, ..., for each
s€[t, t+1]. In general, it is not possible to determine the quantiles exactly. They can sometimes be
estimated by simulation methods, at least if the portfolio is small enough. For a large portfolio with
conditionally independent policies, it is convenient to disregard the idiosyncratic risks associated
with each individual policy, and focus on estimating the systematic risk carried by the environment
process Z. This idea is formalised by the following version of the CLLN. We state the result on a
general S-year horizon.

Proposition 1 Assume that g, and 7 are non-negative, that Igl<my<co, lhl<my<co,
IT, | <mr<oo, and that Z is a Markov process with infinitesimal generator A. Then, for §>0,
conditional on FN v FZ,

(1 1 =
hm(;Lﬁgﬁ—E{;Lﬁjéyf?vfﬁ&D=0 as. 9)
Proof: Let Lf, ;= E[BX} |Gy.s]. Using (5)
Lk =B, e N 5,2
t+6 = Drryste ! (1=-Nf, 5)vx(t+8,Zs45)
t+0 s
- J &1 [(1-NE)guls, Zo)ds+ bils, Z,)dNE]
t

‘e J; r,,du(l Nf+6)yx(t+(s,zt+5)

where the function v, solves (7). From the model assumption (N¥),__,, s, k>1 are independent
conditional on FN v FZ ;. It follows that L%, ;, k>1 are independent conditional on FN v FZ
Further, if we are able to show that

t+6° t+6°

=1
> b | (Lh B[ 7 v ) 1 v o | <o as
k=1

then the claim follows from the CLLN (Prakasa Rao, 2009, theorem 6). Since
E[(le+5 [ t+§|‘7:N\/‘7:tZ+6) |‘7:Nv‘7:tz+5] “ Lt+§|2|]:£\1v‘7:tz+6 a.s.

it is sufficient to show that |L¥ ;|%, k>1, are uniformly bounded. From Jensen’s inequality,
it follows immediately that

|Lf+5‘2 |E[ +Ts ‘gt+§]|2 <EHB

] as.
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Hence, it is sufficient to show that |B’§Tx |2, k>1 are uniformly bounded. Using (1), (2), and (3)

k
Bt,Tx

:

T 5
J ol “ge(s, Zs)(1-N¥)ds
t

T. s 2
+J e‘f,’“d”hx(s’ Z.)dNE

t

Te s
J e_f/udugx (Sv Zs)(l _Nf)ds

t

2
R
velimdny (k z e <t <Ty)

Define I; and I, by

Ty <
I =J eijtr” “g.(s, Z:)(1-N¥)ds

t

&
L=e oy (% Z. )t < < Ty
We have

| +L > <2I3+215 as.

By assumption, r is non-negative, so that

T
B[ lets. ZoPds <o)
t

2
B <|ho(*, Za)|” <mi}

Hence
|Bfo \2 52m§(mrft) +2mﬁ <00

and the proof is complete.

Evaluating the conditional expectation in (9), we arrive at the following corollary.

Corollary 2 The CLLN approximation to Lt(?ﬁ is given by

L, ~ 3 (1-Nb Ve
xeX
kel

where

t+6 S_ 4
v =J Zuls, Zo)e [tz gg

t

t+o_
+ eiL A Zu)duy, (t+6,Zs45)

(11)

The first term of (10) corresponds to the discounted payments between ¢ and #+34.

The second term corresponds to the following: for the fraction of contracts still active at time ¢ + 5,
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the value of the remaining liabilities is given by v,(¢+ 8, Z, . 5). This value is then discounted back
to time £.

Corollary 2 implies that we can diversify away the idiosyncratic risk, so that only the systematic risk
remains. This means that we can approximate the portfolio quantiles by the computationally much
simpler systematic risk quantiles, i.e.

Fro () = Fsh gy () (12)

x.k

This result is a generalisation of the CLLN for ultimate risk (5 — co0) obtained in (Djehiche & Lofdahl,
2014b). The main difference is that (12) provides an approximation for risks on a general 5-year
horizon. In particular, it allows for approximating the 1-year risks associated with the Solvency II
framework. Further, we relax the homogeneity assumptions, which allows for more realistic modelling
of insurance portfolios. It should be stressed that Proposition 1 holds for even more general portfolios,
where the payment functions g and » may be unique for each contract, as long as they satisfy some
boundedness conditions. Forming homogeneous pools is simply a convenient tool that will help us
with calculating the portfolio SCR. This is the topic of the next sections.

4. SCR for Homogeneous Portfolios

In this section, we consider a semi-analytical approximation for a homogeneous portfolio under a
one-factor diffusion model. The methods used in this section are best suited for the case where the
time horizon § is small relative to the duration of the liabilities. This is typically the case with
disability or pension annuities and the 1-year horizon of the Solvency II framework.

Assuming a one-factor model need not be a serious limitation, as we may, e.g., use one of the
mimicking techniques from Djehiche & Lofdahl (2014b). This procedure is illustrated in section 4.1,
where we use the Markov projection technique to mimic a multi-factor model with a one-
factor model.

To simplify notation, we suppress the dependence on x, and define the random variable V by

t+6 s_ 12y 4 145 12\ 4.
sz g(s, Zt%)e ST g o[, T 4 5 705 (13)

t+0
t

where the process Z"* has dynamics given by the stochastic differential equation (SDE)
dZ =a(s, Z¥)ds+o(s, ZL*)dWs, s>t
{Z?Z =z, s<t
Recall that the function v(s, z) satisfies the PDE
{3@ +q(s,2)v=af(s,2) % + %”Z(sz)g% +8(s,2), t+6<s<T (14)
v(T,2)=0
In the light of (12), in order to determine the portfolio quantiles, it is enough to determine the

quantiles of V.

Typically, liabilities such as disability or pension annuities tend to have a long duration. Hence, for a
§ that is small relative to the duration of the liability, the value of the remaining liabilities at #+ &
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should dominate the value of the benefits paid between ¢ and ¢ + 8. Hence, the exact path of Z>* from
zto Z% 5 is not as important as the value of Z?, since, by the Markov property of Z*%, the value of
the remaining liabilities at # + § does only depend on Z;? ;. This observation provides motivation for
using the comonotonic approximation proposed by Dhaene et al. (2002) and others: let
F!* t<s<t+6 denote the distribution function of Z.* and let the uniformly distributed random

variable U be defined by

U= Fifﬁ(zifﬁ)
Define the stochastic process (Z;), .., 5 by
Zo= () HU) = (B (RS (Z355) (15)

and note that

= d
Zy =7 t<s<t+6

Further, define the random variable V by

o t+6 o ST d t+6_ Z\d _
V=J &(s, Ze)e JAwTdu g oo A Ty (415 7, (16)
t
Under the comonotonic approximation, the random variable V is simply a function of Z}%;, i.e.
V=f(Z%,), with the function f: R+~ R defined by (15) and (16). By reducing the dimensionality,
determining the quantiles of V is a much simpler task than determining those of V. We suggest the

approximation
Fy'(p) = Fy'(p) (17)

for calculating capital requirements for a large portfolio, whenever & is sufficiently small.
The performance of the comonotonic approximation is investigated in section 6.

In Proposition 5, we show that, under reasonable assumptions, the mapping x +~ f(x) is
monotone, which makes it trivial to calculate the quantiles of V. First, we need the following
propositions.

Proposition 3 (cf. Friedman (1964), theorem 3.10) Assume that

da o 07 %
0z’ 0z 0z’ oz

are continuous functions and that v is a solution to the PDE (14). Then

Pv 00w

023’ ot oz

exist and are continuous.

Proposition 4 Assume that the conditions of Proposition 3 are satisfied, and that

03(s,z)  0q(s,z)

0z a9z

Then, the mapping z — v(-, z) is non-increasing.

v(s,2) <0, t<s<T,zeR
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Proof: Let u(s, z) = % (s, z). Taking the derivative with respect to z on both sides of (14), we obtain
the following PDE for u(s, z):

ou | (H_da), — 190\ ou 4 1 2% 9q
_E+(q——a>u—<(l+zd—z)d—z+z (322+0_Z_0_ZU tSS<T (18)

u(T,z)=0

From Proposition 3, all partial derivatives exist and are continuous. It is immediate that the function
u(s, z) satisfying the PDE (18) has the Feynman-Kac representation

_ % G 5\ s 7 @2z g |5
u(t,z)_EU (0z( 2)-5Hs. Zu(s, ZS))e ds‘Zt-z

where the process Z is the Ito diffusion defined by

7. = (a(s,zs) 105°

350 (& Z ))ds+a(s Z)dW,

and W is a Wiener process. Since we assumed the integrand to be non-positive, it is clear that u(z, z)
is non-positive. Hence, z — v(-, ) is non-increasing. O

Proposition 5 Assume that the conditions of Proposition 3 are satisfied. Further, assume that
z2+—q(-, ) is non-decreasing and that z— g(-, z) is non-negative and non-increasing. For § > 0, define
the function z: [¢,#+6]x R— R by

Z(s,x) = (Fo) ™ (FE5(x))
Then, the mapping x — f{x) is defined by

t+0 s_ d 148 _ d
f(x):= J g(s,z(s,x))[Irq("‘z("’x)) A A C R ‘v(t+6,x) (19)

t
is non-increasing.

Proof: First, note that x+— Z(-,x) is non-decreasing. From the Feynman—Kac representation (6) for
u(t, z), it is immediate that g(s,z) >0 implies v(¢, z)>0. This, together with the assumptions that
z—q(+,z) is non-decreasing and z — g(+, z) is non-increasing, means that the conditions of Proposition 4
are satisfied. Further, since z+— g(-, z) is non-decreasing, the second term in (19) is a product of two
non-negative, non-increasing factors, and so it is non-increasing. The same argument holds for the
integrand in the first term in (19). Hence, x — f{x) is non-increasing. O

In the light of Proposition $, it is immediate that the quantiles of V are given by
5 (p) = Fy e (0) = (B~ (1)) (20)

Using (12), (17), and (20), the p quantile of the portfolio liabilities can be approximated by

Corollary 6

n

EL®) ~ Y (-NOA(ES) ™ (1-p)) 1)

t+6 k=1

We conclude that, for the homogeneous case, we can approximate the portfolio quantiles and capital
requirements without resorting to simulation techniques: it is enough to compute (F,;)~ 1-p),
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solve the Feynman—Kac PDE for (s, z), and evaluate the right hand side of (21) using numerical
integration.

Using the CLLN approximation (12), we are able to diversify away the idiosyncratic risks, given that
the portfolio is large enough, leaving only the systematic risk. Further, using the comonotonic
approximation (21), we are able to project the systematic risk onto a single random variable,
provided that & is small relative to the duration of the liabilities. The comonotonic approximation
relies on a one-factor model. When the population disability is described by a multi-factor model, the
methods from this section cannot be used directly. We now give an example of how the Markov
projection technique can be used to approximate a multi-factor model with a one-factor model.

4.1. Application to disability insurance

We consider the disability model from Aro et al. (2015), as adapted in Djehiche & Lofdahl (201456,
section 4.1). The transition rate is given by

q(s, V%) = clog(1+expfa(x,s) v¢}) (22)
where a: Xx R* —R™ and ¢ € R* represent modelling choices. The process v™* is defined by
1/?5 =E+pu(s—t)+A(W,—W,),s>¢

where ¢ € R”, W is m-dimensional standard Brownian motion with independent components,
i € R™ a drift vector, and A € R”*™ is the Cholesky factorisation of the covariance matrix ¥ of v"<.
Djehiche & Lofdahl (2014b) suggested that this multi-factor model can be approximated by a one-
factor model using the Markov projection, or mimicking technique first introduced by Krylov
(1984): for a fixed x € X, let (Z¥'),,,
(a(x, S)Ty?f)le with dynamics given by

{de*’ = (6°(s)—k(s)Z¥")ds+ 0" (s)dWs, s>t

Z¥ =a(x,t) VW =a(x,t)"e, s<t

denote the Markov projection of the scalar valued process

where

6*(s) =alx,s) u+alx,s)" (E+u(s—1)

a(x,s) Sa(x,s)

—a(x,s)" (E+u(s—1)) a(x,s)" Za(x,s)

o (s) =/ a(x,s) Za(x, s)
The Markov projection method ensures that Z** is Markov, and that
zx 4 a(x,s)Tz/?‘f, s>t (23)

Let F¥* denote the distribution function of Z¥*. From the property (23), F¥* is then also the dis-

tribution function of a(x,s) v/¢. Since Z*' is a Hull-White process, (F**)'(1—p) is obtained

analytically as

(F) T (1=p) = 6 (t,5,2°) + 7 (2,5)0 7" (1-p)
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where z*: =a(x,1)"¢ and & and y* are obtained as the following explicit expressions of the
coefficients of the Hull-White process:

5 (t,5,2) = zxe*ﬁ'“"@)duf o LE g () iy

t

(7x(t7s))2 =J5672Jiﬁ(v)dv(6x(u))2du

t

From now on we suppress x to simplify notation. It turns out that, against all odds, it is possible to
compute § and y analytically in this model. Using the fact that

1 do* 1d )
)= dr T 240 0% W

we immediately obtain
It follows that
Further, define y: R— R by

It is easy to check that

d <w<v>) i) y(v)a@) za()

dv \s(v) o(v) a3 (v)
which is exactly the integrand of 5. Hence, we obtain
__ols) T _ _@ T
5(t,s,2) —zo(t) +a(s)" (E+u(s—t)) o0 a(t) &

=a(s)" (E+p(s—1)
Finally, the quantiles of Z!* are given by
(E) ™ (1=p) =a(s)" (g +u(s—1) +o(s)Vs—107 " (1-p) (24)

Inserting (24) into (21) allows for efficient approximation of the portfolio risk. This is very useful,
since it completely removes the need for costly Monte Carlo simulations.

It should be noted that while the Markov projection technique preserves the marginal distributions
of the environment process, the finite-dimensional distributions are in general not preserved, see e.g.
Borkar (1989). This implies that the distribution of the §-year liability value V defined by (13) is not
necessarily preserved. However, for the comonotonic approximation V, this is of less importance.
To see this, consider V defined by (16): in view of (15) and (23), conditional on the value of the
environment process at time ¢ + &, the trajectories of the comonotonic processes based on the original
environment process and its mimicked process will agree. Hence, the Markov projection only alters
V through the function v which satisfies (14). Djehiche & Lafdahl (20145) numerically investigated
the sensitivity of v with respect to the Markov projection technique. Their results indicate that while
some precision is lost, the effect is rather small. We suggest that using Markov projections together
with the comonotonic approximation should not significantly alter the distribution of V, although
further research is needed to confirm this claim.
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5. SCR for Inhomogeneous Portfolios Under Multi-Factor Models

For inhomogeneous portfolios under multi-factor models, we generally need to resort to simulations
or scenario generation techniques. In this section, we consider two simplified calculation procedures
for obtaining estimates of SCR for portfolios consisting of large homogeneous pools, using the

disability model from section 4.1. Recall that the CLLN approximation of the portfolio value Lin)

+1 is
given by
) ~ ny\7x
L£+l ~ ZCxV
xeX
where, for each x € X, V¥ is given by (11), and ¢ is defined by
N
kel
Further, the comonotonic approximation of V* corresponding to (15)—(16) is given by
ViR V=)
where
t+1 vt _‘r; (a ZxAt)d
Az ZJ &x(s, Z;")e S 2 1% s
t
[ G Z s S pid
+e i ve(t+1,2,74) (25)
The corresponding approximation for the portfolio value is given by
LY~ S av (26)

xeX

It is easy to see that the random vector Z; | defined by

Z70 = (23 ) eex
follows a multivariate normal distribution. Therefore, the random vector V' defined by
V= (F(Z7))sex

has a Gaussian copula. In the following subsections, we will suggest aggregation methods that
exploit this particular structure.

5.1. Variance-covariance aggregation

For a portfolio consisting of large and homogeneous pools, we suggest a risk aggregation analogous
to that of the SCR standard formula. The basic idea is to calculate the SCR for each pool and
aggregate the results to obtain the portfolio SCR. Using Corollary 6, the SCR for each pool can be
obtained as

SCRY =~ c(f*((F!) ™' (1-p))—va(t.a(x,)"8), x € X

i.e., the SCR for each pool x can be represented as a function of a quantile of the random variable

Z¥!,. The Gaussian copula of V" leads us to suggest the natural risk aggregation formula

SCR, ~ | > p.,SCR5SCR) (27)
x,yeX
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where the correlation coefficients p,, are determined by

a(x,t+1) Za(y, t+1)

/)xy=,0(Z;Cf1,Z¥f1)= T T
Vate.t+1) Zax, 1+ Daly, 1+ 1) Sa(y, 1+1)

The approximation (27) provides a computationally easy way of aggregating the risks. Moreover, its
natural association to the SCR standard formula should make it easier for the regulatory experts to
accept it as an internal model formula. However, it should be stressed that (27) only holds with
equality if V' has an elliptical distribution, which is typically not the case. It is possible that this ad
hoc method is too simplistic to adequately reflect the true risk of the portfolio in all situations.
Therefore, we will suggest an alternative way of calculating the portfolio risk based on scenario
generation and convex optimisation.

5.2. Stress scenario generation

Estimating the SCR from the portfolio value in a suitably chosen extreme scenario provides a
computationally tractable approach to the SCR problem. Christiansen & Steffensen (2013) suggest
that an upper bound for SCR,, may be obtained by finding the worst outcome for the portfolio over a
confidence set, i.e. a set of transition rates with mass p. This section is dedicated to constructing such
a confidence set for a portfolio value of the form (26).

Recall that /¢

7+, has the representation

i =E+pu+A(We1—Wy) 4 E+u+AY

t+1 7

where Y is an m-dimensional vector of independent standard normal random variables. Hence, for
Xt

each x € X, the random variable Z;7,

has the representation
Z5 L a(x,t+ 1) (E+p+ AY) (28)

Based on (28), constructing a confidence set for Z* | is equivalent to constructing a confidence
set for Y. The latter alternative is more convenient due to the spherical symmetry of the distribution
of Y. Consider e.g. the scenarios defined by

| Y| 2 < RZ
for a suitable R € R*. The worst outcome for the portfolio liabilities among these scenarios is given
by
max I (a(x, e+ )T (E+pu+ Ay (29)
. 0% 0 2 a1+ D )

Finding a set of transition rates with mass p is analogous to choosing the radius R such that
P(Y|? >R =1—p

Noting that |Y|? ~ A2, we obtain

R(p) =1/ (A5,)"" (1) (30)
If y* is an argmax of (29), then a conservative SCR estimate is given by
SCRy < 3 ch(f*(ale. t+ 1) (E 4+ Ay))—va(t.a(x.1)"9)) (31)

xeX

In other words, to compute the capital requirement it is enough to find a maximiser y* of (31).
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However, determining y* is a matter of solving a high-dimensional, possibly non-convex,
optimisation problem, which may indeed be challenging.

A natural question is how sharp the upper bound given by (31) is. We give a partial answer to this
question in the special case where

(H1) the liability value function g: R”— R is quasi-concave, i.e., for each p €(0,1), the set A, is

defined by
Ap={y: 8(y) 2 Fiy(p)}
Is convex.
Define y* by
y" = argmin [y|
YEA,
ie, y* is the boundary point of A, which is closest to the origin. We make the further

assumption that
(H2) for p close to 1, A, does not contain the origin.

This assumption is quite reasonable for any insurance portfolio, which is seen when we consider the
opposite case: if g(0), which in some sense represents the most probable outcome for the insurance
portfolio, belongs to the (1 - p)% worst case scenarios, then the insurer has much bigger problems to
worry about. One may think of a “Gaussian lottery” where the insurer gains a lot of money
whenever a certain tail event is exceeded, and loses a small amount of money otherwise. This is
typically the opposite of most sound insurance strategies used in practice. The case with a constant g
is trivial and not considered here. Moving on, we define the set C,, by

Co={y: |yl < Iy}

i.e. C, is the ball with radius ly*| centred at the origin. By the Separating Hyperplanes Theorem, there
is a hyperplane containing y* that separates A, and C,, and, by the Hilbert Projection Theorem, the
half-space H,, given by

Hy={y: (") (y-") 20}
contains A,. This, together with the spherical property of the distribution of Y, implies
1-p=P(A,) <P(H,) =P((y) (Y-y")20)= 1-@(|y"|) (32)
where @ denotes the normal distribution function. This is equivalent to
| <@”(p)=R(p) (33)

which means that we should search for y* among the vectors in R” with length at most ®~'(p).
We have obtained the following conservative quantile estimate:

Lemma 7

Fuy)(p)=g(y')< max  g(y) (34)
y: |yl <7 (p)

The radius given by (33) is significantly smaller than (30), which implies that Lemma 7 gives an
improved upper bound for SCR,, under the comonotonic approximation.
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The assumption that g is quasi-concave is restrictive, but holds for some interesting special cases.
For example, if g is a linear combination of the elements of y, or a monotone function of such a linear
combination, then g is quasi-concave. Further, in this special case, (32) holds with equality: for a
non-increasing g: R— R and a € R”

Fohiy)(p) =g(Fiy (1-p)) =g(|a] @' (1-p))

Setting
Fohry)(p) =gla"y")
yields
* a -1
V=772
2l ®)

which satisfies (33). In the light of Proposition 5, this holds for each f, defined by (25) under the
comonotone approximation. Hence, we may use (34) with equality to calculate SCR} for each age
group separately. Regarding the portfolio liabilities, the liability value function g is given by
gy) =Y dif*(ax,t+1)T (E+pu+ Ay)) (35)
xeX
Unfortunately, g defined by (35) need not be quasi-concave even if it holds for each f* separately.

Even the weaker condition that only A 995 is convex is hard to verify without introducing further
assumptions. This is left as a topic for future research.

The numerical results in the next section indicate that there might be some connection between the
scenario generation method and the variance-covariance method. To shed some light on this, let y*
be the maximiser of (35) over the set (33), let y, be the maximiser of /. Abusing notation, we write
vy = vy(talx,t) €) and F(y) = fla(x,t+1)" (E+p+Ay)). Then

max AfF(y)-) dv
y:\y\saﬂ(m; * ; o

=Y ()

< Z G (yx)—vx)

> i) —v) e (e (ve)—ve)
T

> " SCR},SCRE (36)
7.k

which bears strong resemblance to the simple variance—covariance aggregation formula (27).
The only difference is that the correlation coefficients pj. are not taken into account. Unfortunately

> SCR,SCRE> >~ pSCR),SCR} (37)
jik jik

i.e., reintroducing the correlations yields an inequality in the other direction, which means that it is
difficult to directly relate the two risk aggregation schemes to each other.
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6. Numerical Results

We perform a simulation study over a range of age groups, from 25 to 60 years of age. We have
chosen the interest rate » = 0.02, and the contracts are simple annuity contracts with

gx(s,2)=1, hye(s,2)=0, z€R, 0=t<s<T,=65-x, x€X

We employ the four-factor disability termination model and fitting method from Djehiche & Lofdahl
(20144, section 5.1), and the model parameters are estimated from disability claims data for the
years 2000-2011. The transition rate function is of the form (22) from section 4.1.

6.1. Quantile approximations for homogeneous portfolios

First, we investigate the convergence of the CLLN approximation. Paths of the underlying stochastic
process Z, as well as each individual contract, are simulated over the interval [z, + 1], and %Lgﬁ)l and
V* are computed for each trajectory. Figure 1 displays the convergence of the portfolio 99.5%
quantile to the CLLN 99.5% quantile, for age groups 235, 30, 35, ..., 60. The y-axis is normalised to
the value obtained from the CLLN simulation. As we can see, it suffices to have only a few hundred
individuals to obtain a very good approximation.

1.5 15
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Figure 1. Convergence of portfolio 99.5% quantiles to conditional law of large numbers
approximation.
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Next, the 99.5% quantiles from the simulation are compared with the quantiles from the comonotonic
approximation, for age groups 25, 30, 335,..., 60. The results are displayed in Figure 2. The solid line
corresponds to the simulated law of large number approximation. The dotted line corresponds
to a portfolio simulation of 2,000 contracts, and the dashed line corresponds to the comonotonic
approximation (20). The y-axis is normalised to the simulated law of large number approximation.

From this simulation study, we see that the comonotonic approximation performs fairly well. It seems to
provide slightly conservative quantile estimates, ranging from 1% to 5% above the simulated quantiles.

6.2. Capital requirements for homogeneous portfolios

In this section, we compare four different SCR calculation procedures for a large portfolio: the
standard SCR, the CLLN SCR approximation, the comonotonic approximation, and the scenario
method with radius R(p) = ®'(p). For reference, these are compared with two historical stress
scenarios that reverse the changes from 2006-2007 and 2007-2008, respectively. The yearly change
from 2006-2007 was minor, while the change from 2007-2008 represents a major shock to the
system due to regulation changes. Table 1 displays the SCR values, as a fraction of the standard SCR,
for the age groups 25, 30, ..., 60. Comparing the standard 20% stress to the historical scenarios, we
can see that, as expected, the reversed change from 2006-2007 yields a very low SCR. Meanwhile,
the reversed change from 2007-2008 yields an SCR which is several times larger than the SCR of the

1.06 T T T T T T

1.05 | .
1.04 | .
103} e E

102 1

1.01 | 1

0.99 L L L L L L
25 30 35 40 45 50 55 60

Figure 2. Portfolio 99.5% quantile per age group, normalized. Solid: conditional law of large
numbers. Dotted: 2,000 contracts. Dashed: comonotonic approximation.

Table 1. Solvency capital requirement (SCR) in relation to the standard method SCR.

25 30 35 40 45 50 55 60
20% stress 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00
2007-2006 0.14 0.14 0.14 0.15 0.16 0.18 0.19 0.17
2008-2007 1.09 2.17 3.26 428 5.11 5.63 5.64 4.51
MC CLLN 0.21 0.57 0.92 1.49 2.07 2.52 2.70 2.25
Comonotonic 0.30 0.65 112 1.67 2.26 2.77 3.02 2.57
Scenario 0.30 0.65 1.12 1.67 2.26 2.77 3.02 2.57

MC CLLN, Monte Carlo conditional law of large numbers.
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standard model. Bearing in mind that the SCR should match the risk of a 200-year event, these
results suggest that the standard stress scenario is far too lenient, at least for Swedish insurance
companies. The Swedish sickness insurance system is quite volatile due to political reasons, and this
fact may not be properly reflected in the calibration of the standard stress scenario.

The SCR from the Monte Carlo CLLN approximation and the comonotonic approximation are
similar, with the latter seeming slightly more conservative. The SCR obtained from the comonotonic
approximation and the scenario method are identical. This is expected, since, in the light of
Proposition 5, the liability value function for each pool is monotone, which implies that (34) holds
with equality. All three approaches propose a lower SCR for young people, and a higher SCR for
ages 40 and over, compared with the standard model. The SCR from all models are significantly
lower compared with the 2007-2008 stress SCR for each groups.

It could be argued that the political risk should be included in the operational risk module, to be
applied on top of the standard 20% stress of the recovery rates, which would then only account for
the biometric part of the disability and recovery risk. However, for disability insurance, it is
important to realise that we are dealing with economic disability, in the sense that, for the purpose of
receiving benefits, it does not matter whether the policy holder is actually ill; the only thing that
matters is whether she has the right to obtain benefits. Hence, we argue that, for the purpose of
claims reserving and risk management, the economic disability rates should be used over the actual
biometric disability rates. Further, from a statistics point of view, it may be difficult to isolate the
political effects from fluctuations in the biometric rates, which suggests that, for simplicity, they
should be modelled as one. This implies that every factor that affects the economic disability rates
must be included in the standard stress scenario, be it political or biometric.

6.3. SCR aggregation

In this section, we consider a large portfolio, partitioned into eight pools of equal size corresponding
to the age groups 235, 30, ..., 60. We investigate the performance of the risk aggregation schemes
from sections 5.1-5.2, and compare the results to a CLLN Monte Carlo simulation approach.

The scenario method SCR is calculated using the radii Ry(p) = @ '(p) and Ry (p) = 1/ (X2)" ' (p). For

reference, the results are compared with two historical stress scenarios that reverse the changes from
2006-2007 and 2007-2008, respectively. Table 2 displays portfolio SCR values, scaled by the SCR
obtained from the standard method.

Table 2. Portfolio solvency capital requirement (SCR) in relation to the
standard method SCR.

Method SCR
20% stress 1.00
2007-2006 0.16
2008-2007 4.03
MC CLLN 1.68
Variance-covariance 1.84
Scenario Ry 1.84
Scenario R, 3.81

MC CLLN, Monte Carlo conditional law of large numbers.
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Bearing in mind the results from the previous section, we are not surprised to find that the portfolio SCR is
higher for both aggregation approximations compared with the standard model. The same holds for the
CLLN Monte Carlo simulation. The simple variance—covariance aggregation formula (27) provides an
estimate that is only slightly larger that the Monte Carlo estimates. As expected, the scenario method with
radius R, provides a highly conservative estimate compared with the Monte Carlo simulation. However,
it is interesting to note that this upper bound is only slightly lower than the 2008-2007 stress scenario.

Surprisingly, the SCR estimates from the scenario method with R; and the variance-covariance
method are almost identical. The reason for this is unclear, but, in the light of (36)—(37), our best guess
would be that the increase from removing the correlations is balanced by the reduction caused by
replacing the individual maximisers y; with the global maximiser y*. Still, this result suggests that such
simple aggregation procedures as the standard-type formula (27) may indeed be used to estimate SCR.
Since this method is computationally attractive, it seems feasible to implement it as an internal model.
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